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Abstract 

Artificial Intelligence (AI) and Internet of Things (IoT) integration has established a new generation of intelligent 
irrigation systems that deliver sustainable water management solutions to address world water scarcity problems 
and agricultural requirements. This literature review presents an analysis of the present situation and obstacles 
alongside emerging trends of AI and IoT-based smart irrigation systems supported by international examples and 
technological milestones. Physical water conservation through AI-driven irrigation systems combined with IoT 
sensor surveillance and drone monitoring results in 20-35% water savings at the same time as improved yield 
outcomes across Australian regions together with Indian and Spanish territories. The wide use of smart irrigation 
systems is limited by technical difficulties that prevent rural Africa from connecting by economic pressures on 
poor farmers and by ethical challenges with European data security. The deployment become challenging because 
of scalability issues and maintenance problems that affect different farming ecosystems. The development of 
emerging technologies like edge computing, blockchain, and 5G, together with solar-powered IoT systems, 
provides solutions alongside research efforts toward energy-efficient climate-friendly designs. A comprehensive 
review combines current evidence into two major parts to evaluate its impacts on farmers, policymakers, and 
researchers. The review also shows where scalability and accessibility remain limited. The success of AI and IoT 
precision farming technology relies on cooperative work between multiple fields of study together with equal 
policies that support their implementation. Time must be dedicated to resolving these problems because smart 
irrigation systems need to fulfill worldwide food security along with sustainable development targets. 
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1.1 Introduction 
Agriculture stands as the foundational element of worldwide food security, although its operation suffers from 
major problems because of growing populations joined with climate shifts and evaporating freshwater availability. 
A 40% water deficit exists in the global water supply estimation for 2050, while irrigation utilizes about 70% of 
worldwide freshwater withdrawals. The standard irrigation techniques present difficulties because they neither 
successfully optimize agricultural production nor protect the environment efficiently. The combination of 
Artificial Intelligence (AI) systems operating with Internet of Things (IoT) devices makes up a revolutionary 
irrigation solution under the name of smart irrigation. Having IoT devices monitor environmental parameters gives 
AI systems the ability to manage water consumption efficiently and determine irrigation requirements and guide 
decision-making processes. This combined technology approach will direct farming operations into a new exacting 
direction which brings sustainable water management practices alongside higher agricultural output. 
1.2 Objectives of the Review 
The review examines existing knowledge about AI and IoT-based smart irrigation systems which focuses on their 
applications together with their limitations as well as future potential. This paper examines three essential aspects 
regarding AI and IoT applications in irrigation practices: (1) describes current integration methods, (2) describes 
key barriers affecting adoption, and (3) investigates emerging models for future smart irrigation systems. Through 
this combined technical and practical approach, this study provides essential information for researchers, 
practitioners and officials who work in agriculture technology fields. 
1.3 Scope and Methodology 
This review investigates AI and IoT applications in irrigation management while not addressing broader 
agricultural applications except when they directly touch irrigation systems. The review examines recent research 
from peer-reviewed journals, conference materials, and technical reports that originate mainly from IEEE Xplore, 
Scopus, and Google Scholar databases during the previous ten years. The search for relevant literature relied on 
the selected keywords “AI in irrigation,” “IoT smart irrigation,” “precision agriculture,” and “water management 
technologies.” The study included research papers about AI-IoT integration challenges and innovations and future 
direction works that maintained a focused relevant analysis. The analysis focuses on worldwide ideas that 
additionally respect geographical differences between various agricultural tech acceptance and farming 
requirements. 
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2. Overview of AI and IoT in Smart Irrigation 
2.1 Core Concepts 
Two major functions guide smart irrigation technology through the integration of Artificial Intelligence (AI) and 
the Internet of Things (IoT). These functions include the acquisition of data and the implementation of intelligent 
decision systems. IoT consists of networked objects including sensors that monitor ground moisture and weather 
monitoring systems and controllers which share information through wireless communication networks (Selvam 
& Al-Humairi, 2023). The established monitoring infrastructure tracks vital measurements including soil water 
levels together with environmental humidity and prediction of rain events. AI-operated algorithms consisting of 
ML and DL generate insights from the processed data (Rane, et al., 2024). AI analyzes weather data in combination 
with plant water needs to establish ideal irrigation timing which leads to better water use efficiency and reduced 
wastage. The combination of these technologies operates in a self-contained system which dynamically responds 
to environmental changes thus making smart irrigation differ from conventional approaches. 
2.2 Evolution of Smart Irrigation Systems 
The techniques of irrigation have experienced drastic changes as human-operated flood irrigation systems evolved 
to technology-powered automated irrigation systems. The early development of irrigation technology integrated 
timer-based sprinklers and drip irrigation yet did not offer adjustable controls (Tripathi, 2022). The early 
development of IoT in the 2000s enabled farmers to use mobile device connectivity for monitoring sensors which 
helped them modify irrigation routines. Prediction technology and automation have brought AI systems into the 
current irrigation development. AI-IoT combines to minimize water consumption by 30% better than traditional 
techniques yet produces equal or better production results (Senoo et al., 2024). Precision agriculture represents the 
dominant movement in which resource management becomes the most critical aspect. 
2.3 Key Components 
The functionality of AI and IoT-based smart irrigation systems depends on various hardware and software 
collaborative elements. Low-power IoT devices like capacitive soil moisture sensors and weather stations together 
with solenoid valves constitute hardware components (Shamsudeen, 2021). These devices operate on solar-
powered batteries to maintain sustainability for distant locations. Cloud platforms collect IoT network data through 
software components where AI algorithms execute data analysis to create irrigation strategies beginning with basic 
regression models and ending with neural networks (Preite & Vignali, 2024). The components of an irrigation 
system use ZigBee and LoRaWAN and Wi-Fi communication protocols to transfer data effectively (Dhatterwal, 
et al., 2024). The system's scalable design operates well due to reliable connections between its parts while 
ensuring software interoperability. 
 
3. Current State of Research 
3.1 Applications of AI and IoT in Irrigation 
AI and IoT applications for smart irrigation systems are widely adopted by international agricultural sectors to suit 
various needs within different climate zones and economic ranges. The precision irrigation system serves as a 
primary use case that uses IoT devices with Artificial Intelligence algorithms for delivering precise water 
dispensations to targeted plant areas at correct times. This prevents irrigation water from going to waste. The 
adoption of these systems within Middle Eastern arid regions enables optimal date palm management through 
decreased water requirements by 25% according to (Alnaim et al., 2022). The combination of IoT data from 
meteorological measurements with AI forecasting models enables water scheduling through weather-based 
methods which yields good results in Asian regions dependent on monsoons (Indira et al., 2023). Soil and crop 
monitoring uses IoT multispectral sensors to collect data which machine learning processes for agricultural 
evaluation in both large-scale North American maize fields and Southeast Asian rice paddies (Solano Correa, 
2025). The range of agricultural settings which proves the flexibility of AI-IoT solutions includes high-tech 
European commercial operations in addition to Sub-Saharan African areas with limited resources. 
3.2 Notable Case Studies 
Zone irrigation and collective irrigation programs benefit from real-world practices of AI and IoT technologies in 
irrigation management. The Murray-Darling Basin conducted an IoT and AI decision support system pilot project 
that cut water usage by 35% without affecting cotton production rates (Parr et al., 2022). The Tamil Nadu 
Agricultural University in India built a low-cost IoT-AI system for drip irrigation and this technology enhanced 
rice production by 20% while attracting use from small farmer community (Ahmad & Nabi, 2021). AI enabled 
Spanish vineyards to increase their water efficiency rate by 30% through European Union backing for IoT data 
analysis (Linaza, et al., 2021). A Kenyan research study demonstrated limited water savings of 15% because of 
connectivity issues despite conducting the study in the region (Karuku, 2018). This showed discrepancies in local 
infrastructure development. The implementation examples demonstrate the capacity for and inconsistent 
advancement rates of smart irrigation systems worldwide. 
3.3 Technological Advancements 
AI together with IoT functionalities have received major enhancements in recent times. The development of sensor 
technology now includes affordable yet precise devices such as capacitive soil moisture sensors made by China 
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which are currently deployed across Asia and Africa (Aarif KO et al., 2024)]. Deep learning models enable 
artificial intelligence to predict irrigation requirements precisely which is apparent through studies that used neural 
networks in Brazilian soybean fields (Baio et al., 202)]. Large-scale monitoring became possible through the data 
fusion of IoT information and satellite images and drones particularly in Canada’s prairie farming region (Sishodia 
et al., 2020). Cloud-based platforms operating in Japan and Germany use mobile apps to allow real-time processing 
and connect farmers to database resources (Zhang, 2024). Smart irrigation technologies continue to advance 
worldwide due to local research communities who work across multiple continents. 
 
4. Challenges in AI and IoT-Based Smart Irrigation 
4.1 Technical Challenges 
The implementation of AI and IoT technologies for smart irrigation systems encounters substantial technological 
challenges in different areas and infrastructure networks. Sensor-driven data accuracy represents a crucial problem 
because environmental elements including dust in North African deserts and tropical Southeast Asian moisture 
can compromise sensor performance (Gualtieri, et al., 2024). The connectivity issue is a major problem in regions 
with limited internet access like Sub-Saharan Africa since the area suffers from poor cellular network coverage 
that disrupts IoT data transmission (Onsomu, et al., 2024). The high demands for data processing capacity from 
AI models create operational problems for developing countries because they do not have strong computing 
infrastructure or cloud access (Rehan, 2024). Research conducted in India showed real-time processing delays 
decreased irrigation efficiency by 15% in regions restricted by limited resources according to available findings 
(Nsoh, et al., 2024). The technical obstacles serve as evidence that flexible systems that work well for different 
worldwide environments need to be developed. 
4.2 Economic and Adoption Barriers 
The integration of AI-IoT irrigation systems faces scalability limitations because of economic obstacles and 
challenges with adoption mainly affecting low-income agricultural economic settings. Poorest communities 
especially struggle to afford investment costs in IoT hardware coupled with AI software that can reach thousands 
of dollars per unit of cultivated land (Hambye & Desmet, 2021). Government aid programs in Latin American 
regions struggle to promote AI-IoT irrigation systems adoption because both maintenance costs and technical 
illiteracy prevent rural area adoption (McCarthy, et al., 2024). The survey conducted in Eastern Europe revealed 
that 60% of farmers showed ignorance regarding smart irrigation advantages as they maintained a preference for 
traditional irrigation practices (Ricart & Rico-Amorós, 2021). Wealthier regions with technical proficiency such 
as North America as well as Western Europe receive the majority of digital technology uptake because of economic 
and social factors that create a divide between communities. 
4.3 Environmental and Ethical Concerns 
AI and IoT irrigation systems produce environmental as well as ethical concerns in addition to technical and 
economic challenges. The energy usage of IoT devices and AI computing requires significant power consumption 
that leads to carbon emission problems identified as main sustainability concerns in Scandinavia (Ruilova Alfaro, 
2024). Data privacy poses an ethical problem for EU farmers since they are worried IoT devices transmit their 
information to external organizations under GDPR (Ryan et al., 2024). The implementation of technology has 
encroached upon traditional farming wisdom in indigenous areas across Australia and South America, causing 
concern about cultural heritage maintenance (Bellwood, 2022). A fair balance needs to be established that connects 
smart irrigation systems to worldwide sustainability and fairness goals. 
4.4 Scalability and System Maintenance Challenges 
The deployment of AI and IoT irrigation systems on a large scale after successful tests faces logistical obstacles 
that become more difficult due to required maintenance work. Scalability is restricted because agricultural systems 
with different landscape variations prevent systems from successfully being implemented across multiple 
agricultural areas (Salpina, 2020). The Chinese national smart irrigation program encountered interoperability 
problems between different provinces because its IoT protocols remained unstandardized (Zeng et al., 2025). 
Adoption becomes more difficult because remote areas like rural Mongolia and the Andean highlands lack 
technical support, while sensors and devices need regular maintenance procedures (Orlove et al., 2024). A South 
African examination uncovered that 40% of IoT irrigation systems stopped functioning after two years because of 
poor maintenance practices, which underlines the requirement for such systems to have durable life cycles and 
low-maintenance provisions (Alharbi et al., 2024). Smart irrigation faces sustainability threats throughout its 
extended application because of various obstacles that specifically affect resource-constrained and diverse 
agricultural regions. 
 
5. Future Trends and Innovations 
5.1 Emerging Technologies and Innovations 
Smart irrigation with AI and IoT deployed by the following technological advancements will increase the 
efficiency and global adaptation of this system. Implementing AI predictive models equipped with deep learning 
and machine learning functions enables precise water need forecasting to control irrigation timings. Brazilian 
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soybean automation through neural networks cut water consumption by 20% in a solution suitable for Southern 
African rural areas (Silva et al., 2024). The use of UAVs (drones) in crop monitoring leads to better real-time 
detection, which helped Canadian prairie farmers increase their wheat production by 15% (Al-Mallahi, 2024) and 
Kenyan small-scale farmers map maize fields at a reasonable cost (Wanyama et al., 2021). The Dutch track water 
use by blockchain technology, while edge computing reduces response time at remote agricultural locations in 
Central Asia. Technology developments in South Korea advance 5G for quick irrigation control (Watts et al., 
2019). The Netherlands, along with the U.S., participates in blockchain and edge computing for data processing 
efficiency and security (Ahmed et al., 2024). Smart irrigation technology is moving toward worldwide adoption 
due to recent innovative developments. 
5.2 Research Directions 
Scientists will tackle existing issues in research by building upon these emerging trends. The implementation of 
solar-powered IoT systems with renewable energy systems stands as a primary research priority because they 
helped Spanish olive farms conserve 40 percent of their energy costs and Ethiopian smallholder farmers received 
an additional 50 percent irrigation capacity (Mérida García, 2020; Tesfaye et al., 2021). Solar IoT implementations 
in Sub-Saharan Africa help to decrease the carbon emissions of these systems (Mukisa et al., 2022). Research 
teams in Bangladesh are developing affordable AI-Internet of Things kits that aim to give small farmers the power 
they need (Satapathy et al., 2022), and AI software from Brazil predicts drought timing patterns compatible with 
Southern Africa (Chivangulula et al., 2024). Through collaboration between agronomists and data scientists in 
Japan and Canada, researchers have found comprehensive answers (Suresh et al., 2024). The established directions 
work to establish both sustainability and access to smart irrigation throughout agricultural locations with varied 
environments. 
5.3 Policy and Industry Implications 
The complete implementation of these innovations depends on strong support from both government policies and 
industrial organizations. Governments should provide financial support for solar-IoT systems. The German public-
private partnerships build farmer-friendly platforms that serve as a model for European territories (Sjaf et al., 
2022). The adoption rate of drones and blockchain in industries continues to grow because Mexico established 
farmer training programs for UAV operation and IEEE developed universal IoT standards for Southeast Asia 
(Tiwari et al., 2021; Wangere, 2024). International joint investments in AI and renewable energy research 
development are speeding up deployment worldwide through Chinese edge-blockchain pilot programs (Yang et 
al., 2025). These initiatives guarantee that technology breakthroughs become practical benefits that reach all 
farmers justly across the board. 
 
6. Discussion 
6.1 Synthesis of Findings 
Smart irrigation has experienced a revolutionary change because of AI and IoT implementation that has been 
proven through multiple case studies and research developments. Through the combination of IoT sensors with AI 
analytics systems and precision irrigation methods, water savings reached between 20-35% in Australian, Indian, 
and Spanish locations (Wei et al., 2024) while drone-based farming and predictive analysis techniques improved 
agricultural productivity in North American and African territories (Guebsi & El Wai 2025). Several roadblocks, 
mainly stemming from technical difficulties regarding rural African internet connectivity combined with economic 
factors influencing Asian smallholders and European privacy rights, are preventing the widespread adoption of the 
proposals. The integration of solar-powered systems in Ethiopia, combined with blockchain solutions in the 
Netherlands, provides a solution for existing barriers, but China faces difficulties in achieving standardization 
following their deployment (Abiri et al., 2023; Polymeni et al., 2024). This work highlights two conflicting trends 
that show major potential restricted by continuing obstacles that affect different regions and resource amounts. 
6.2 Implications for Stakeholders 
The results deliver significant ramifications that affect stakeholders all over the world. The implementation of AI-
IoT technology provides efficiency improvements to farmers yet necessitates affordable user-friendly solutions, 
which are vital for South Asian and Latin American small-scale farmers (Muhammed et al., 2024). Water-scarce 
nations such as Morocco need policymakers to establish both training programs and financial aid schemes, which 
have proven successful in Israel (Tinazzi, 2024). The refinement of scalable and energy-efficient technologies 
requires research collaboration across different fields of study similar to Canadian research institutions 
(Neethirajan, 2024). The adoption of new agricultural technologies, such as edge computing in remote Central 
Asian regions, can be achieved through industry collaborations led by drone manufacturers and IoT developers, 
much like in Germany and by extending to Central Asian farms. The stakeholders must work together toward 
producing effective transformational outcomes from research through efforts that suit different agricultural 
settings. 
6.3 Limitations of the Review 
The review aims to be comprehensive; however, some restrictions need to be acknowledged. The majority of 
studies in English-language publications bias researchers against evaluating important research conducted in 
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Spanish or Chinese, which could hide valuable innovations from Latin America and East Asia. The examination 
of recent research during the last decade fails to include fundamental studies that established the framework for 
smart irrigation development. Successful case studies dominate the research due to published limitations since 
resource-limited areas, particularly Sub-Saharan Africa, often fail to report their unsuccessful implementations 
(Higginbottom et al., 2021). Further research should expand linguistic and geographical bounds in reviews to 
achieve full global representation of research. 
 
Conclusion 
Artificial Intelligence (AI) integration with the Internet of Things (IoT) brings substantial opportunities for global 
water shortage management and increased agricultural crop outputs. Predictive AI models and IoT monitoring, 
along with drone application, blockchain technology, and solar-powered systems, prove effective in water 
utilization optimization and increased yield production throughout Australia to Ethiopia. The extensive 
implementation faces multiple obstacles that include technical obstacles as well as financial hurdles and scalability 
problems and ethical issues which predominantly impact regions such as Sub-Saharan Africa and South Asia 
which have limited resources. The implementation of edge computing with 5G technology and renewable energy 
integration requires major combined work to achieve their future applications. 
Technology in precision agriculture earns its value because it generates sustainable farming systems through 
precise management capabilities. Implementing these methodologies demands the elimination of the digital gap 
through affordable technology systems that support robust policies across the board. The authors propose that 
researchers should conduct more studies about energy-efficient, affordable agricultural system designs while 
improving collaborative work between agronomists and engineers along with policymakers. People across the 
world in agricultural roles alongside governmental organizations, scientific researchers, and industrial experts 
should join forces to lead this technology adoption. AI and IoT-based smart irrigation represent a vital opportunity 
in the present climate to protect both our food supply and environmental systems because water availability 
continues to decrease. 
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